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Renal cell carcinoma (RCC) is one of most common cancers with gradually increasing inci-
dence and high mortality. Chromogenic RCC (chRCC) is the third most common histological
subtype of RCC, accounting for approximately 5–7% of RCC. In our study, the transcrip-
tome expression profile data (n=89) of chRCC, corresponding clinical data (n=113) and the
somatic mutation data (n=66) were obtained from the TCGA database. We first analyzed
the mutation data of chRCC patients and divided chRCC patients into high and low tumor
mutation burden (TMB) groups based on the median TMB. We found that high TMB was sig-
nificantly associated with worse prognosis and could promote tumor metastasis and devel-
opment. Moreover, four different immune-related genes (BIRC5, PDGFRL, INHBE, IL20RB)
were also identified. We found that BIRC5 was significantly overexpressed in the high TMB
group and correlated with worse prognosis. The results of univariate and multivariate COX
analyses demonstrated that BIRC5 (hazard ratio (HR) = 2.094) may serve as a prognos-
tic indicator for patients with chRCC with high TMB. In addition, we identified the possible
functional pathways of BIRC5 through gene set enrichment analysis (GSEA) enrichment. A
positive correlation was obtained between BIRC5 and the abundance of CD4+ T cells. The
results of our study revealed their correlation between the immune-related genes and clini-
copathologic features as well as potential functional pathways as well as immune infiltrating
cells, which may provide more data about the development of chRCC immunotherapy.

Introduction
Kidney cancer is well known as the third most common malignant tumor in the urinary system after
prostate cancer and bladder cancer [1–3]. According to the literature, the globally estimated new cases
and deaths of kidney cancer were 403262 and 175098 in 2018, respectively [4]. The prognosis of RCC is
poor, with the overall survival of stage IV RCC patients to be 10–15 months. Approximately 90% of kidney
cancers are renal cell carcinoma (RCC), including clear cell RCC (ccRCC), chromogenic RCC (chRCC)
and papillary RCC (pRCC). chRCC is the third most common histological subtype of RCC, accounting for
approximately 5–7% of RCC [5–7]. There are many treatments for chRCC, but immunotherapy is consid-
ered to be the most promising and immune checkpoint inhibitor proven useful for RCC [8,9]. However,
the role of immunotherapy in chRCC is far from fully clarified.

Increasing evidences revealed that immunotherapy is the most effective way to treat advanced or ag-
gressive cancer [10–13]. The blockade of these immune checkpoints has translated into effective strategies
for cancer immunotherapy. Immune checkpoints have achieved great success in suppressing lung cancer,
breast cancer and melanoma [14–17]. Tumor mutation burden (TMB) is referred to the number of mu-
tations that exist within a megabase of genomic territory [18]. Previous studies suggest that the TMB is
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closely related to the efficacy of immunotherapy in most cancer types [19–22]. Moreover, high TMB predicts im-
munotherapy benefit and TMB can predict survival after immunotherapy across multiple cancer types [20,23]. How-
ever, only approximately 20% of cancer patients can benefit from immunotherapy [24]. What is worse is that few
related studies have focused on primary chRCC in the TMB subgroup. These sobering data illustrate a critical need
to determine the immunotherapy response mechanism for primary chRCC.

In the present study, we analyzed significantly different immune-related genes in the high and low TMB subgroups,
explored the prognostic role of immune-related genes in chRCC and its potential correlation with immune-infiltrating
cells. The results of our study may provide sufficient information for patient prognosis prediction and additional
choice for the immunotherapy of primary chRCC.

Materials and methods
Datasets
The primary chRCC transcriptome expression profile (n=89) and corresponding clinical data (n=113) including age,
gender, tumor grade, pathological stage, etc. were downloaded from the TCGA database (https://tcga-data.nci.nih.
gov/tcga/). Somatic mutation data (n=66) were also obtained from the TCGA database with data type of ‘Masked
Somatic Mutation’. Meanwhile, we obtained a list of the immune-related genes from the ImmPort database (https:
//www.immport.org/) [25].

Calculation of TMB scores and prognostic analysis
TMB is defined as the total number of mutations per megabase in tumor tissue. ‘maftools’ R package was used to
calculate the mutations of each sample in chRCC, and all the chRCC samples were divided into low and high TMB
groups based on median data. It was combined with clinical information to analyze the relationship between TMB
and Stage and tumor metastasis. In addition, we used the ‘survival’ R package to analyze the relationship between
high/low TMB groups and prognosis.

Identification of differentially expressed genes and immune-related genes
We used the ‘Limma’ R package to identify differentially expressed genes in the high and low TMB groups with a
fold change (FC) of 2 and P-value of 0.05. And the result was visualized with the ‘pheatmap’ package. Compared with
a list of immune-related genes from the immunology database (Immport), we determine the immune-related genes
from all differentially expressed genes.

Functional enrichment analysis
In order to identify potential functions and approaches of differentially expressed genes, enrichment analysis includ-
ing GO (Gene Ontology) function and KEGG (Kyoto Encyclopedia of Genes and Genomes) pathway enrichment
analyses were performed using ‘clusterProfiler’ R package.

Analysis of immune-related genes in high and low TMB groups
The immune-related genes were selected to further evaluate the prognostic value of differential immune-related genes
in patients with low and high TMB levels. In addition, we compared the expression of four immune-related genes in
the high and low TMB groups through the ‘beeswarm’ package, and then further evaluated their prognostic value
using univariate and multivariate factor Cox regress analyses.

Gene Set Enrichment Analysis
We performed a Gene Set Enrichment Analysis (GSEA) analysis using the GSEA 4.0.3 software in order to further
understand the BIRC5-related pathways. We divided the patients in the TCGA cohort into two groups based on
TMB score for GSEA of BIRC5 and selected the c2.cp.kegg.v7.0.symbols.gmt gene set as the reference gene set, with
a nominal P-value of <5% as a standard [26].

Statistical analysis
All analyses were performed using R software (version 3.6.2). The Cox regression analysis was performed based on
the ‘survival’ R package. The ‘Limma’ package was mainly used for the analysis of differences. A P-value <0.05 was
considered significant.
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Figure 1. TCGA chRCC mutation cohort

(A) Overview of TCGA chRCC cohort mutations. (B) Waterfall of the top 20 mutated genes in the TCGA chRCC cohort.

Results
The landscape of mutation profiles in chRCC
Obtained from the TCGA database, somatic mutation data (n=66) were analyzed with R, and the results were vi-
sualized with ‘maftools’ package. We further classified these mutations according to different categories. As shown
in Figure 1A, missense mutation was the most common type of variant classification, and single nucleotide poly-
morphisms occurred more frequently than insertions or deletions. C > T was the most common single-nucleotide
variation (SNV) in chRCC (Figure 1A). Then we calculated the number of base changes in each sample, with different
colors representing different mutation types (Figure 1A). The waterfall chart revealed the top 20 mutant genes of the
mutation profile in chRCC, including TP53 (29%), PTEN (9%), MUC4 (8%), ZAN (6%), HCN1 (3%), TTN (5%),
ICE1 (5%), AGAP4 (5%), and AADACL3 (3%) et al. (Figure 1B).

Correlation of TMB with prognosis, clinicopathological characteristics,
and tumor grades of chRCC patients, and functional enrichment analysis
Based on the median TMB, we divided chRCC into high TMB group (n=32) and low TMB group (n=33), and
analyzed its gene expression profile to identify DEGs with a false discovery rate (FDR) of 0.05 and an FC of 1.5, and
the result was visualized with a heatmap (Figure 2A). Kaplan–Meier survival analysis revealed that patients with high
TMB were associated with worse prognosis (P=0.013, Figure 2B). Next, we analyzed the relationship between TMB
and tumor metastasis, and the results showed that high TMB may promote tumor metastasis (P=0.041, Figure 2C).
And TMB levels correlate with advanced tumor grade (P=0.005, Figure 2D). Finally, we used the ‘clusterProfiler’ R
package to explore the potential functions and pathways of these genes. A total of 291 GO terms and 7 pathways were
identified (P<0.05, enrichment score of >1.5). The results showed that the top cancer-related biological processes
were associated with the regulation of mitotic nuclear division, nuclear division, and organelle fission (Figure 2E),
and the results suggested that these genes were mainly enriched in the cancer-related signaling pathway, such as cell
cycle, progesterone-mediated oocyte maturation, cellular senescence, oocyte meiosis, et al. (Figure 2F).

Identification of immune-related genes
A total of 114 DEGs were identified by comparing the high and low TMB groups (Supplementary Table S1). We also
downloaded a list of immune-related genes from the immunology database (Immport), from which we identified
four immune-related genes, including BIRC5, PDGFRL, INHBE, and IL20RB (Figure 3A).
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Figure 2. TMB correlation analysis

(A) Heatmap of differentially expressed genes in high and low TMB groups. (B) Kaplan–Meier survival analysis. (C) Relationship

between TMB and tumor metastasis. (D) Relationship between TMB and tumor stage. (E,F) GO and KEGG results.

Figure 3. Identification of immune-related genes in high and low TMB groups

(A) Four immune-related genes. (B–E) Expression levels of four immune-related genes in high and low TMB groups. (F) Heatmap

of differences in four immune-related genes.
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Figure 4. Correlation of four immune-related genes with high TMB group

(A) Expression levels of four immune-related genes in normal group and high TMB groups. (B) Expression levels of four immune-re-

lated genes in high TMB group patients with and without tumor metastasis. (C) The overall survival of high TMB group patients with

high and low expression levels of four immune-related genes.

Expression levels of four immune-related genes in high and low TMB
groups
We extracted the expression data of four immune-related genes from the expression file, then compared their expres-
sion in the high and low TMB groups, and visualized them through the ‘beeswarm’ package. From the results, we
found that BIRC5, PDGFRL, INHBE, and IL20RB were highly expressed in the high TMB group (Figure 3B–E). The
heatmap in Figure 3F showed the expression of four immune-related genes in the high and low TMB groups.

The correlation between four immune-related genes with TMB, tumor
metastasis, patients’ survival, and immune checkpoint genes
In order to better understand the role of these four immune-related genes in chRCC, we divided chRCC patients
into high and low TMB groups, and analyzed the expression levels of these four immune-related genes in high and
low TMB groups, and then analyzed their correlation with tumor metastasis and patients’ prognosis. In the results
of the high TMB group (Figure 4A), we found that BIRC5 (P=3.552e-08) and INHBE (P=0.047) were significantly
up-regulated in the high TMB group, while PDGFRL (P=0.033) was significantly down-regulated in the high TMB
group. However, all these four immune-related genes were not related to tumor metastasis (Figure 4B). We then found
that high TMB chRCC patients with BIRC5 (P=0.004) and IL20RB (P=0.022) were correlated with poor progno-
sis (Figure 4C). As a result in low TMB chRCC group, we found that INHBE (P=0.005), IL20RB (P=9.9e-05), and
PDGFRL (P=1.877e-07) were down-regulated in the low TMB group (Figure 5A). In contrast, BIRC5 (P=0.037)
was up-regulated in the low TMB group (Figure 5A). Moreover, we revealed that the expression of these four
immune-related genes would not affect the prognosis of chRCC patients with low TMB (Figure 5B). The correlation
between the expression of four immune-related genes and the reported immune checkpoint genes were also analyzed,
which revealed that PDGFRL was certainly positively correlated with the immune checkpoint genes (Supplementary
Table S2).

Prognosis of BIRC5 in high TMB group
Previous results indicated that BIRC5 and IL20RB were significantly associated with the prognosis of patients with
high TMB. In order to further study the prognosis in the chRCC high TMB group, we further performed a COX
regression analysis in the high TMB group (Table 1). First, we found that stage (hazard ratio (HR) = 9.985, 95% con-
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Figure 5. Correlation of four immune-related genes with low TMB group

(A) Expression levels of four immune-related genes in normal group and low TMB groups. (B) The overall survival of low TMB group

patients with high and low expression levels of four immune-related genes.

Table 1 Univariate and multivariate Cox regression analyses

Parameter Univariate Cox analysis Multivariate Cox analysis
HR 95% CI P HR 95% CI P

Age 1.040 0.970–1.116076 0.262 1.067 0.970–1.261 0.445

Gender 2.428 0.488–12.0696 0.277 0.587 0.488–125.377 0.845

Stage 9.985 2.481–40.187 0.001 1175.509 2.481–15228757 0.143

T 19.829 2.487–158.045 0.005 52662.11 2.487–3.05E+09 0.052

BIRC5 1.177 1.062–1.303 0.002 2.094934 1.062–4.010 0.025

IL20RB 4.66 0.603–36.015 0.140 4.27E+09 0.603–5.30E+20 0.088

P<0.05 has statistical significance.

fidence interval (CI) = 2.481–40.187, P=0.001), T (HR = 19.829, 95% CI = 2.487–158.045, P=0.005), and BIRC5
(HR = 1.177, 95% CI = 1.062–1.303, P=0.002) were significantly correlated with prognosis in univariate COX anal-
ysis. After that, we performed a multivariate COX analysis, which revealed that BIRC5 (HR = 2.094; 95% CI =
1.094–4.010; P=0.026) was independently associated with a worse prognosis (Figure 6A, Table 1).

GSEA and immune infiltration of BIRC5
GSEA was performed to explored the BIRC5 associated-functions in chRCC. The results revealed prominent en-
richment of signatures related in the base excision repair, cell cycle, DNA replication, homologous reorganization,
nucleotide excision repair, and RNA polymerase in the high TMB group (Figure 6B, Table 2). In addition, adipocy-
tokine signaling pathway, allograft rejection, and graft versus host disease were enriched in the low TMB group group
(Figure 6B, Table 2).

To further analyze the function of BIRC5 in the high TMB group, we used TIMER to verify the correlation between
BIRC5 and immune cell infiltration levels (Figure 6C). We found a positive correlation between BIRC5 expression
and the abundance of CD4 + T cells (Cor = 0.264; P=3.38e-02).

Discussion
At present, the immunotherapy for RCC is mainly based on immune checkpoints of PD-1 and PD-L1 inhibitors
[27–29]. However, the immunotherapy of chRCC is still insufficient. TMB has proven to be a determinant of
immune-related survival in many tumor patients and is extremely important in the treatment of tumors [30–33].
TMB can also be used as one of the indicators for the treatment of RCC patients, but the current TMB research on
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Figure 6. Cox analysis, GSEA, and tumor-infiltrating immune cells analysis of BIRC5

(A) Cox analysis of BIRC5. (B) GSEA of BIRC5 based on based on TMB score. (C) Tumor-infiltrating immune cells analysis of BIRC5.

Table 2 GSEA

Name ES NES
NOM
P-val FDR q-val

KEGG ADIPOCYTOKINE SIGNALING PATHWAY −0.45 −1.64 0.017 0.323

KEGG ALLOGRAFT REJECTION −0.72 −1.68 0.031 0.481

KEGG BASE EXCISION REPAIR 0.62 1.75 0.014 0.765

KEGG CELL CYCLE 0.58 1.74 0.010 0.283

KEGG DNA REPLICATION 0.69 1.60 0.024 0.331

KEGG GRAFT VERSUS HOST DISEASE −0.72 −1.65 0.036 0.421

KEGG HOMOLOGOUS RECOMBINATION 0.69 1.73 0.014 0.233

KEGG NUCLEOTIDE EXCISION REPAIR 0.55 1.60 0.041 0.375

KEGG RNA POLYMERASE 0.55 1.68 0.017 0.288

NOM P-val <0.05 has statistical significance.

chRCC patients is still insufficient [34–36]. The prognostic role of immune-related genes in high and low TMB groups
and their relevance to immunotherapy have not yet been explored. Thus, this research investigated the prognostic role
of immune-related genes and the potential association with immune infiltrate cells in chRCC.

In the current study, chRCC somatic mutation data were obtained from the TCGA database and then divided into
high TMB and low TMB groups based on the median. We then analyzed the immune gene differences in the high
and low TMB groups and analyzed the correlation of immune-related gene function and prognosis. As a result, it was
found through research that mutations in chRCC are also common, and their mutations are mainly missense muta-
tions. Moreover, SNP was the most common variant type. Actually, somatic missense mutations strongly contribute
to the generation of novel tumor epitopes [37] Previous studies have demonstrated the significance of missense muta-
tion and SNP in tumorigenesis, progression, and prognosis in various cancer types, including bladder cancer [38–41].
The three most frequently mutated genes were TP53, PTEN, and MUC4. TP53 is one of the famous tumor suppressor
genes reported to regulate the cell cycle thus inhibits the development of cancerous cells [42]. P53 protein maintains
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genome stability and prevents the occurrence of genomic mutation [43]. PTEN was referred as a dormant tumor
suppressor in RCC and associated with associated with patients’ prognosis [44].

We divided chRCC patients into high and low TMB groups based on TMB levels and analyzed the differences
between high and low TMB groups. We found that there was a significant difference between high TMB and low TMB
groups. High TMB was correlated with a worse prognosis and would promote tumor metastasis and development. In
fact, another study about ccRCC also suggested that patients with higher TMB tended to be with a worse prognosis
[45]. Moreover, Chuanjie et al. found that ccRCC with higher TMB levels are associated with higher tumor grades
and advanced pathological stages [46].

Another important finding of our study was that four differentially expressed immune-related genes (BIRC5, IN-
HBE, PDGFRL, and IL20RB) were identified in the high and low TMB groups. BIRC5 and IL20RB were correlated
with the worse prognosis in high TMB groups analysis. Previous studies revealed that BIRC5 could promote tumor
cell proliferation in RCC [46]. Moreover, BIRC5 was found to be a biomarker for prognosis and therapy in other types
of cancers, including lung cancer and pancreatic cancer [47,48]. Interestingly, IL20RB was also suggested as a progno-
sis biomarker in pRCC, and promoted cell proliferation, invasion and migration [49]. Our study further highlighted
the significance of BIRC5 and IL20RB in the tumorigenesis and progress of RCC.

BIRC5, selected for further study and univariate as well as multivariate Cox analyses, demonstrated that it can
be used as an independent prognostic factor for chRCC. Moreover, the result of GSEA revealed that BIRC5 was in-
volved in base excision repair, cell cycle, DNA replication, homologous reorganization, nucleotide excision repair,
RNA polymerase, and adipocytokine signaling pathway in chRCC. DNA replication is one of the fundamental bio-
logical processes in which dysregulation can cause genome instability [50]. And DNA replication errors are the main
drivers of cancers, including RCC [51]. The normal process of cell division occurs via the cell cycle, and dysregulation
of cell cycle would result in sustained unscheduled cell growth, proliferation, a hallmark of cancer [52]. In hepatocel-
lular carcinoma, down-regulation of BIRC5 could induce cancer cell apoptosis and cell cycle arrest [53]. Thus, BIRC5
may regulate RCC development via cell cycle.

In our study, we also found that BIRC5 in chRCC was involved in immune cell infiltration. Actually, another study
also found that BIRC5 was associated with immune cell infiltration and served as a prognostic biomarker and thera-
peutic target for HCC [54]. In chRCC, BIRC5 showed positive correlation with CD4+ T cells. Previous study revealed
that CD4+ T cells could promote tumor cell proliferation in RCC [55]. Moreover, another study found that CD4+

T cells in RCC patients were associated with favorable prognosis [56]. Therefore, BIRC5 may also regulate tumor
cell biological process, thus affecting the prognosis of chRCC via CD4+ T cells. And further studies should test this
hypothesis.

Admittedly, our research also had some limitations. First of all, the results of the current study were not validated
using another independent patient cohort. Moreover, it would be better if in vitro or in vivo experiments were per-
formed to validate our findings.

In summary, our study shows that high TMB in chRCC patients correlated with worse prognosis, while BIRC5
in the high TMB group can be used as an independent prognostic indicator of chRCC. We also predict that
BIRC5-enriched functional pathways and potentially affected immune-infiltrating cells, and this information may
contribute to the development of chRCC therapy.
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Supplementary Table 1. DEGs were identified by comparing the high and low TMB groups. 

 

gene conMean treatMean logFC pValue fdr 

BUB1B 0.412921 1.438073 1.800198 5.91E-06 0.003079 

DEPDC1 0.07115 0.55248 2.95698 2.90E-05 0.0061 

ESPL1 0.154083 0.602601 1.967497 0.000403 0.028437 

SGO1 0.09083 0.417472 2.200441 2.38E-05 0.00578 

GTSE1 0.330921 1.520785 2.200256 4.56E-05 0.007129 

TEX22 0.295812 0.612507 1.050045 2.71E-05 0.0061 

PRPH 0.060289 0.405759 2.750662 7.53E-05 0.009807 

IQGAP3 0.158893 0.74652 2.23212 1.29E-05 0.004151 

OIP5 0.381052 0.944089 1.308933 5.91E-06 0.003079 

CDHR2 0.184838 0.387872 1.069318 0.000122 0.012611 

KIF2C 0.50051 1.77301 1.82473 0.000527 0.033904 

TOP2A 0.694169 3.510626 2.338369 0.000138 0.013805 

SPAG5 0.378773 1.413945 1.900321 6.65E-05 0.009099 

NDC80 0.33155 1.173204 1.823155 0.000586 0.035988 

CAMK2N2 0.051999 0.872207 4.068123 4.11E-05 0.006987 

C17orf53 0.201899 0.558489 1.467895 3.80E-06 0.002445 

MND1 0.742042 1.503842 1.01908 0.000556 0.034926 

ASF1B 1.303345 4.265269 1.710418 1.12E-05 0.003962 

TONSL 0.579797 1.222993 1.076797 4.86E-05 0.007285 

CENPF 0.312107 1.618519 2.374561 1.05E-05 0.003949 

NUSAP1 1.116088 4.083218 1.871256 1.82E-05 0.00497 

CDC20 0.782562 4.986412 2.671725 5.50E-06 0.003079 

CDCA5 0.654679 2.071007 1.661473 5.18E-05 0.007656 

KIF4A 0.379717 1.668915 2.135914 1.94E-05 0.005065 

CDCA2 0.148688 0.738638 2.312584 1.70E-05 0.004888 

NEK2 0.130077 0.841057 2.692834 6.83E-06 0.003249 

PCLAF 0.412138 1.450899 1.815748 0.000259 0.020686 

POC1A 1.199222 3.055887 1.349493 1.38E-05 0.004201 

CENPE 0.165869 0.581098 1.808735 0.000122 0.012611 

SULT1C3 1.632363 0.042709 -5.25628 0.000942 0.048844 

RRM2 0.288366 1.478689 2.358344 0.000184 0.016243 

PIF1 0.079638 0.429751 2.431968 1.12E-05 0.003962 

RBM11 0.334279 0.141411 -1.24116 0.000197 0.017008 

CDK1 0.69591 2.122753 1.608964 0.000155 0.015245 

SLC16A1 3.931963 8.11177 1.044767 1.38E-05 0.004201 

TRIP13 0.301378 1.088584 1.852804 0.000164 0.015331 

ZMYND10 0.103133 0.312395 1.598863 0.000403 0.028437 

KIFC1 0.423297 1.604954 1.92279 2.54E-05 0.005914 

CENPW 1.448968 4.104598 1.502215 2.90E-05 0.0061 

CDCA3 0.212035 0.815275 1.942988 1.10E-06 0.001205 

CCNA2 0.971127 2.822215 1.539096 3.76E-05 0.006977 

UBE2T 1.545001 3.95731 1.356913 4.28E-05 0.006987 

EIF4EBP1 5.876176 18.38878 1.645877 0.00076 0.042608 

ASPM 0.091522 0.571534 2.642653 3.10E-05 0.006391 

KIF23 0.409393 1.390652 1.764202 8.01E-05 0.010069 

NEIL3 0.065142 0.376853 2.532352 9.13E-08 0.000333 

EZH2 0.564379 1.550608 1.458097 3.80E-06 0.002445 

CCNB2 0.675592 2.923355 2.1134 9.13E-08 0.000333 

PLK1 0.310275 1.748328 2.494355 2.91E-07 0.000636 

PBK 0.56722 3.163265 2.479435 4.75E-06 0.002884 

TROAP 0.252344 1.335396 2.403807 6.22E-07 0.000973 

ANKRD65 0.73319 0.364449 -1.00847 0.000231 0.019035 

TPX2 1.063401 5.654511 2.410716 3.27E-06 0.002445 

FAM83D 0.323762 1.666389 2.36372 3.53E-06 0.002445 



UBE2S 3.486671 7.164141 1.038944 6.83E-06 0.003249 

APLP1 0.527874 1.609326 1.60819 9.61E-05 0.011187 

INHBE 0.244946 0.837988 1.774464 0.000471 0.0314 

CDC25A 0.446598 1.018365 1.189205 9.05E-05 0.010876 

CENPI 0.108856 0.42362 1.960348 8.01E-05 0.010069 

ANLN 0.367973 1.939302 2.397867 3.31E-05 0.006574 

TMEM63C 0.475727 1.294408 1.444086 0.000931 0.048514 

CDT1 1.655898 3.551219 1.100701 0.000841 0.045567 

IL20RB 0.069403 0.473551 2.770447 0.00076 0.042608 

CLGN 3.30024 10.37815 1.652907 0.000425 0.029636 

WDR62 0.143968 0.460008 1.675913 7.97E-07 0.001089 

STMN1 4.703173 10.37037 1.140761 8.47E-06 0.003563 

UHRF1 0.228155 0.906994 1.99108 7.08E-05 0.009331 

CDKN2C 1.508074 3.488628 1.209953 0.000885 0.046786 

NCAPG 0.256965 1.158674 2.172832 0.000231 0.019035 

DLGAP5 0.21362 1.309904 2.616344 3.03E-06 0.002445 

CDC25C 0.083604 0.446398 2.416694 0.000164 0.015331 

KIF18B 0.11862 0.739883 2.640946 3.53E-05 0.006769 

ARHGAP11A 0.422766 1.791198 2.082994 2.44E-07 0.000636 

MKI67 0.368258 1.653794 2.166992 1.59E-05 0.004689 

QRFPR 0.56936 0.077001 -2.88639 0.000161 0.015331 

RAD54L 0.166649 0.509424 1.612051 2.90E-05 0.0061 

BIRC5 0.440444 2.632936 2.579642 6.22E-07 0.000973 

KIF15 0.137182 0.566535 2.046071 1.29E-05 0.004151 

FOXM1 0.832083 3.589322 2.108911 9.13E-08 0.000333 

STEAP1 0.249004 1.381779 2.472284 0.000349 0.025995 

SPC24 0.360068 1.517589 2.075439 4.28E-05 0.006987 

KIF20A 0.351274 1.880356 2.420338 2.08E-05 0.005291 

STEAP4 1.508639 0.614646 -1.29542 0.000259 0.020686 

E2F2 0.083671 0.339212 2.019398 0.000184 0.016243 

MYBL2 0.35429 2.719174 2.940166 0.000164 0.015331 

MANEAL 1.614257 4.010293 1.312837 6.65E-05 0.009099 

UBE2C 4.296065 13.31937 1.632438 0.000259 0.020686 

BUB1 0.41591 1.531524 1.880624 5.87E-05 0.008345 

HJURP 0.127563 0.642495 2.332479 1.05E-05 0.003949 

PRC1 1.270378 3.74299 1.558933 7.89E-06 0.003451 

TEDC2 0.349657 0.931853 1.414163 1.05E-05 0.003949 

CEMIP 0.256387 5.559248 4.438498 0.000685 0.040284 

CDKN3 0.570865 3.000444 2.393955 2.81E-06 0.002445 

CEP55 0.271945 1.942988 2.83689 5.87E-05 0.008345 

NUF2 0.137878 0.662182 2.26384 7.34E-06 0.003346 

DSCC1 0.261019 0.725223 1.47427 0.000617 0.037299 

BEST1 0.358889 0.98518 1.456851 0.000102 0.011636 

NCAPH 0.255199 0.8503 1.736351 0.000556 0.034926 

MELK 0.328605 1.409314 2.100566 1.29E-05 0.004151 

PTTG1 0.970803 5.240227 2.432378 2.22E-05 0.00553 

DNASE1L3 4.049073 1.560327 -1.37574 0.000184 0.016243 

CDC6 0.19329 0.5682 1.55563 0.00076 0.042608 

CDCA8 0.529942 2.222533 2.068298 3.31E-05 0.006574 

AURKB 0.221503 1.636721 2.885411 2.54E-05 0.005914 

SKA3 0.128803 0.510251 1.98604 0.000184 0.016243 

CENPA 0.158955 1.072694 2.754551 1.10E-06 0.001205 

KIF11 0.394239 1.153201 1.548501 4.86E-05 0.007285 

PKMYT1 0.201565 0.817447 2.01988 2.81E-06 0.002445 

PDGFRL 0.317206 1.4585 2.200993 0.000685 0.040284 

PSRC1 0.242555 0.68337 1.494357 0.000342 0.025628 

CCNB1 2.611652 8.502456 1.702917 7.08E-05 0.009331 



E2F1 3.704407 8.588228 1.213118 5.52E-05 0.008046 

SKA1 0.152827 0.708747 2.213372 9.05E-05 0.010876 

 

 

 

 

 

 

 

 

 

 

 

 

 



 

 

 

Supplementary Table2. Correlation analysis between immune-related genes and the reported immune 

checkpoint genes (ICGs) inchRCC. 

 

ICGs 
BIRC5 PDGFRL  INHBE  IL20RB 

Cor P-value Cor P-value Cor P-value CorP-value 

CD8A 

CD8B 

-0.047 

-0.139 

0.708 

0.265 

0.291 

0.254 

* 

* 

0.035 

0.058 

0.778 

0.644 

0.122 

0.169 

0.33 

0.174 

CD3D 

CD3E 

CD2 

-0.033 

0.001 

0.01 

0.79 

0.992 

0.934 

0.244 

0.289 

0.292 

* 

* 

* 

0.066 

0.117 

0.08 

0.6 

0.349 

0.522 

0.168 

0.197 

0.178 

0.177 

0.113 

0.153 

CD19 

CD79A 

0.015 

-0.021 

0.905 

0.866 

0.236 

0.235 

0.0559 

0.0572 

0.003 

0.056 

0.983 

0.655 

0.077 

0.214 

0.536 

0.085 

CD86 

CSF1R 

-0.074 

-0.094 

0.552 

0.453 

0.261 

0.219 

* 

0.077 

0.088 

0.071 

0.48 

0.573 

0.122 

0.103 

0.327 

0.408 

CCL2 

CD68 

IL10 

-0.106 

-0.03 

-0.166 

0.397 

0.812 

0.182 

0.245 

0.291 

0.254 

* 

* 

* 

-0.018 

0.047 

-0.076 

0.883 

0.71 

0.544 

0.13 

0.134 

0.06 

0.297 

0.283 

0.633 

NOS2 

IRF5 

PTGS2 

-0.115 

-0.006 

-0.021 

0.356 

0.962 

0.867 

0.145 

0.166 

0.087 

0.245 

0.184 

0.489 

-0.191 

0.116 

-0.009 

0.124 

0.353 

0.94 

-0.085 

0.074 

0.08 

0.495 

0.556 

0.523 

CD163 

VSIG4 

MS4A4A 

0.095 

0.185 

-0.082 

0.449 

0.137 

0.51 

0.332 

0.414 

0.247 

** 

*** 

* 

0.024 

0.126 

0 

0.848 

0.313 

0.999 

0.169 

0.262 

0.119 

0.174 

* 

0.341 

CEACAM8 

ITGAM 

CCR7 

0.103 

-0.121 

-0.069 

0.408 

0.333 

0.584 

0.091 

0.198 

0.247 

0.467 

0.111 

* 

-0.071 

0.03 

0.086 

0.569 

0.813 

0.493 

0.003 

0.075 

0.135 

0.982 

0.547 

0.278 

PDL1 

CTLA4 

LAG3 

HAVCR2 

GZMB 

0.118 

0.122 

0.051 

-0.181 

-0.049 

0.346 

0.33 

0.686 

0.147 

0.694 

0.273 

0.364 

0.286 

0.097 

0.19 

* 

** 

* 

0.436 

0.125 

0.135 

0.199 

0.344 

-0.002 

0.115 

0.278 

0.109 

** 

0.988 

0.359 

0.217 

0.193 

0.256 

-0.036 

0.079 

0.0808 

0.121 

* 

0.776 

0.528 

PDCD1 -0.037 0.768 0.245 * 0.121 0.334 0.086 0.494 

*P<0.05,**P<0.01,***P<0.001 

 


